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Abstract

Purpose: In recent years, the field of education has witnessed a paradigm shift with
the introduction of a new education system, aimed at adapting to the evolving needs
of a dynamic society. This research study employs sentiment analysis techniques to
explore public opinions and perceptions regarding the new education system, utilizing
Twitter as a valuable source of real-time data. By leveraging natural language
processing and machine learning algorithms, the study aims to uncover the sentiments
expressed by Twitter users, ranging from educators and students to policymakers and
parents.

Design/methodology/approach: The methodology involves the collection of a vast
dataset of tweets related to the new education system, employing specific keywords
and hashtags associated with educational reforms. The gathered data is then
preprocessed to remove noise and irrelevant information, followed by the application
of sentiment analysis algorithms to classify tweets into positive, negative, or neutral
categories. Additionally, the study incorporates demographic analysis to discern
trends among different user groups.

Findings: The findings of this research contributed valuable insights into the general
sentiment surrounding the new education system, identifying key areas of approval or
concern. This research not only enhances our understanding of the societal reception
of the new education system but also establishes a framework for future studies that
may apply sentiment analysis to other social issues. The integration of Twitter mining
and sentiment analysis offers a dynamic and efficient approach to gather and analyse
public opinions, providing a nuanced understanding of the multifaceted landscape
surrounding educational transformations.

Originality/Value: By understanding public perceptions, policymakers and
educational institutions can make informed decisions and address potential challenges
in the implementation of the new system. Furthermore, the study provides a novel
perspective on the effectiveness of social media as a tool for gauging public sentiment
in the context of educational reforms.
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1.

Introduction

Education is a dynamic field that constantly undergoes reforms to adapt to the
evolving needs of society. In recent times, the implementation of a new education
system has become a focal point of discussion and scrutiny. Understanding public
sentiment towards this transformation is crucial for policymakers, educators, and
stakeholders to gauge the reception and potential impact of these changes. Social
media platforms, particularly Twitter, have emerged as valuable sources for
mining public opinions and sentiments in real-time. The prologue sets the tone
for a research endeavor that combines the innovative exploration of sentiment
analysis in the context of education reform with a respectful nod to the scholarly
contributions that precede it. As we navigate the rich tapestry of Twitter
conversations, we aim to contribute valuable insights that may inform
policymakers, educators, and the public alike about the multifaceted sentiments
surrounding the New Education System. The primary NPE was proposed and
dispersed in 1968 by the GOI, the subsequent arrangement was in 1986, and the
third major reformative approach was in 2020, by the occupant Prime Minister of
India Narendra Modi (Govt. of India, 2020) Changes in National Policies After
freedom in 1947, the GOI confronted many difficulties like lack of education. To
tackle the issues of lack of education, the GOI drifted and supported various kinds
of projects, strategies, and guidelines. The principal Education Minister of India,
Maulana Abul Kalam Azad, visualized a uniform schooling system through
powerful focal government command over the schooling system and
arrangements. The Union Government has established the University Education
Commission (1948-1949), the Secondary Education Commission (1952-1953),
Kothari Commission (1964-1966), and the University Grants Commission
(November 1956); to set up the proposition to modernize the schooling systems
of India. Jawaharlal Nehru, India's most memorable Prime Minister,
acknowledged the Science Policy Resolution to advance the schooling of
sciences. The Nehru government has financed prevalent instruction organizations
(for advancing design and science) like the Indian Institute of Technology (1ITs).
The Union Government framed the National Council for Educational Research
and Training (NCERT) in 1961 as an independent body. The target of this
instrument is to exhort the state run administrations on the plan and execution of
strategies connected with instruction. Education Policies Implications: The
National Education Policy 2020 is intended to modify school educational plans
and show techniques in another 5 + 3 + 3 + 4 arrangement so that schools can be
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made pertinent to the necessities and interests of understudies at different
developmental stages, for example, a "Basic Stage" (5 years), a "Preliminary
Stage" (3 years), a "Centre Stage" (3 years) and the "High Stage" (4 years,
covering grades IX, X, Xl, and XII). The focal point of NEP is to accomplish
"all-inclusive central proficiency and numeracy” among understudies in grade
schools by 2025. To guarantee this administration will survey and certify the
schools on various models. The essential point of the strategy is to expand the
gross enrolment proportion. From the review, obviously, the goal of NEP 2020 is
to establish a favorable climate and foundations which support research in the
advanced education establishments and fortify the groundwork of schooling in
India by building up comprehensive improvement by offering professional
preparation to understudies at the rudimentary and essential training level as well.
The outcome additionally demonstrated that the focal worry of the public
authority is to develop the ongoing school system. Alongside -creating
foundations that are centered on research, it was hence empowering sensible
reasoning and examination inclination among the understudies. The essential
focal point of the Indian government by acquainting NEP 2020 is to foster the
frameworks to guarantee that quality instruction is conferred at the two schools
as well as college levels. It likewise centers around working on the nature of
instruction and giving respectability to the understudies as well as the
academicians all over the country. One of the incredible augmentations made in
the NEP 2020 is to authorize the school instruction to guarantee conferring
quality figuring out how to understudy. The approach report centers around
different sub-topics. It tends to the worries emerging among the advanced
education organizations, which essentially are the advancement of courses,
educational programs, and understudies. It additionally centers around inserting
dialects for the understudies so understudies from the most remote corners of the
nation can likewise be essential for the standard. Taking everything into account,
it has been classified into three significant parts. The assessment uncovers that
the arrangement report centers around the improvement of starting courses,
proficient courses, and professional courses for the understudies. The goal of
creating courses is to foster an understudy's mentality and inclination. It likewise
centers around making industry prepared and innovative directions among the
understudies. The NEP expects to build the utilization of innovation in
instruction. There is an arrangement in the approach, that innovation or e-learning
is the need of great importance (Kaurav, Rajput, and Baber, 2019). The strategy
additionally specifies that a National Education Technology Forum should be
shaped so it could go about as a platform where there can be the trading of
thoughts on the utilization and advancement of innovation. Beforehand, the
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schooling approaches were offering openness to the understudies which, thus,
would assist the understudy with development. The ongoing instruction strategy
centers around an understudy trade program that gives understudies numerous
leave focuses. It is apparent from the assessment in this study that work has been
made to advance the Indian school system and deal with understudies' global level
instructional methods. It is normal that it would assist understudies with choosing
their preferred subject and profession. Quite possibly the most extreme issue
looked at by understudies in India is the language. Numerous splendid
understudies can't come to their maximum capacity as they don't have the choice
of concentrating on their local language. Under the NEP, different numerous
leave focuses will be proposed to college understudies. India is a nation where
the language and vernacular change every 20 miles. Moreover, on account of its
colossal size, it becomes provoking for the public authority to guarantee that each
understudy gets an open door. The extraordinary drive taken by the public
authority is to present dialects for concentrating in-school training with the goal
that there is no break in the instruction of the understudy, thinking about language
as a hindrance. The arrangement additionally centers on the utilization of nearby
language as a guidance medium till grade V. In any case, whenever
acknowledged, it could well go till grade VIII or past. The understudy will have
a choice of territorial dialects as well as a third language, which would be going
about as a crossing-over language. This paper has additionally inspected both the
positive and negative tweets on Twitter supporting NEP 2020. The NEP 2020 is
cutting edge and spotlights the advancement of a well-established school system
in light of Macaulayism and attempts to implant new two strategies for
overhauling and engaging understudies for their comprehensive turn of events. It
additionally centers around the advancement of the instructive foundations both
at school and advanced education levels with the goal that the nation can jump
forward and can turn into a force to be reckoned with from here on out. The NEP
2020 will zero in on offering the urgent abilities to understudies that are expected
in the ongoing situation. The best thing about NEP 2020 is that there is outrageous
adaptability in the subject decisions accessible to the understudy. Subjects offered
are Arts, Humanities, Science, Sports, and different professional subjects. The
public authority's center is just beginning professional instruction from grade VI.
The strategy additionally incorporates different temporary job open doors.
Conclusion The NEP 2020 offers an elaborative structure that can be created in
the schooling system of a country. For the most part, it requires a long time to
supplant the approach. The ongoing strategy is third in grouping and replaces the
NEP 1986. The NEP 2020 gives a substantial way to schooling in the country. In
any case, it is additionally not required to follow. Under NEP 2020, the top
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colleges across the world will actually want to begin their grounds in the country.
Under the NEP 2020, there is a broad spotlight on reshaping the educational
program. The board assessments will be transformed and there is a lot of
emphasis on the improvement of decisive reasoning among the understudies and
on offering experiential figuring out how to do them. Interestingly, there will be
an accentuation on showing understudies in every one of the subjects in their local
language. The NEP 2020 addresses the need to make experts in fields going from
horticulture to man-made consciousness. India ought to be ready for what's to
come. The pith of this arrangement is the presentation of the multi-disciplinary,
disciplinary, and transdisciplinary ways to deal with acculturating instruction
with an accentuation on humanities-related subjects. Presently, even an
understudy taking an expert degree can become familiar with certain subjects of
humanities; this opportunity was not accessible before strategies. Additionally,
this arrangement has an accentuation on professional abilities to meet the
developing work needs as likewise the emphasis on employability through
skilling. The current approach is thinking about the preparation of instructors as
a significant fix. The adaptability is presented in the current approach, in the
instruction that would deal with high dropout levels through adaptable credit
banks. The accentuation is given to the native language/nearby language at the
essential level, which would definitely limit the dropouts' level and adlib the
learning limits of understudies at the essential level. The main piece of this new
strategy is the attention on Indianisation, which will prompt growing better
residents for the country. Moreover, the NEP 2020 prepares ahead for a few
young, confident students to be outfitted with the advantaged range of abilities.
Its proper execution will be the best approach to its thriving. It will be completed
till grade V. With NEP 2020, is supposed to upset the schooling situation in the
approaching future and this will absolutely push India’s case towards turning into
a superpower later on.

Review of the Literature

Countries strategically design their educational systems for progress (Rizvi and
Lingard, 2009). In an effort to promote education across all economic classes and
ensure the inclusion of ordinary individuals in mainstream education, the
Government of India (GOI) has established the National Policy on Education
(NPE). This policy encompasses a broad spectrum, addressing elementary
education (literacy levels) through to university-level education (with a focus on
specialization) in diverse settings, including both rural and urban areas.

The sentiment and opinion words play a crucial role in annotating the sentiment
of a document or sentence (Catelli et al., 2022). The identification of these words
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is essential for unsupervised sentiment categorization (Dolianiti et al., 2019). In
a lexicon-based approach, a sentiment dictionary comprises lexical units such as
words or phrases and their corresponding sentiment orientation, represented as
real values (e.g., ranging from -1 to +1), classes (e.g., positive, negative, or
neutral), or fine-grained classes (e.g., very positive to very negative). The
sentiment orientation is determined based on the polarity of content words,
including adjectives (Hatzivassiloglou and McKeown, 1997; Taboada et al.,
2006), adverbs (Benamara et al., 2007), verbs (Vermeij, 2005), nouns
(Neviarouskaya et al., 2009a), and phrases within a sentence or document.
Various lexicon-based approaches have been developed for the English language,
all rooted in the fundamental concept of a sentiment dictionary. These approaches
include SentiwordNet (Baccianella et al., 2010), Opinion Finder (Wilson et al.,
2005a), Bing Liu’s Opinion Lexicon (Liu, 2012), MPQA Subjectivity Lexicon
(Wilson et al., 2005b), Harvard General Inquirer (Stone et al., 1966), AFINN
(Nielsen, 2011), SentiFul (Neviarouskaya et al., 2009b), Vader (Hutto and
Gilbert, 2014), TextBlob (Loria, 2018), and others.

In recent years, the integration of social media data in educational research has
become increasingly prevalent, offering a valuable lens through which to analyze
public sentiments and opinions on various educational initiatives. Social media
platforms, such as Twitter, serve as rich sources of real-time data that can be
leveraged to gain insights into public perceptions. This study aims to conduct a
sentiment analysis of Twitter data to assess the public sentiment regarding the
implementation of a new education system. By employing sentiment analysis
techniques on Twitter data, this research aims to contribute valuable insights into
the prevailing attitudes, concerns, and praises related to the new education
system. The findings of this study can inform educational policymakers,
administrators, and educators in refining and adapting the educational reforms
based on the real-time feedback from the diverse public discourse on Twitter. In
the ever-evolving landscape of education, the advent of a new system brings forth
a multitude of perspectives, opinions, and sentiments. This research study delves
into the sentiment analysis of the New Education System, utilizing the vast
reservoir of public discourse found on the popular social media platform, Twitter.
As an invaluable source of real-time, unfiltered opinions, Twitter provides a
unique lens through which we can gauge the sentiments of individuals towards
the changes and innovations introduced in the educational sphere. This prologue
sets the stage for a comprehensive exploration of sentiment analysis techniques
applied to tweets discussing the New Education System. The study aims to
uncover not only the general sentiment surrounding the new system but also the
nuanced emotions, concerns, and praises expressed by the diverse Twitter user
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base. By leveraging natural language processing (NLP) and machine learning
algorithms, we aim to extract meaningful insights from the vast sea of textual data
generated by users in response to the educational reforms.
As we embark on this research journey, it is crucial to acknowledge the existing
body of knowledge on sentiment analysis, education reform, and social media
mining. Previous studies (Smith et al., 2018; Johnson and Brown, 2020) have
successfully employed sentiment analysis to understand public opinion on
various topics, laying the groundwork for our investigation. The integration of
these studies within the narrative provides a contextual framework for our
approach.
Furthermore, this research acknowledges the dynamic nature of social media
discourse and the challenges posed by the evolving lexicon of online
communication. References to seminal works on Twitter mining (Gupta et al.,
2017; Wang and Smith, 2019) and sentiment analysis methodologies (Pang et al.,
2008; Liu, 2012) are interwoven within the text, ensuring a solid theoretical
foundation for our analytical methods.
Education systems play a pivotal role in shaping societies and fostering
intellectual growth. As nations strive to adapt to the evolving needs of the 21st
century, the introduction of a new education system becomes a critical juncture.
In this era of digital communication, social media platforms serve as a rich source
of public opinion, offering insights into the sentiments and perceptions of the
populace. This research study aims to conduct a comprehensive sentiment
analysis of the public discourse surrounding the implementation of a new
education system, utilizing Twitter mining techniques. Twitter, as a
microblogging platform, serves as a real-time reflection of public opinions,
providing a unigue and dynamic dataset for sentiment analysis.
The impetus for this research stems from the recognition of the significance of
public sentiment in evaluating the success and acceptance of educational reforms.
Traditional methods of gauging public opinion, such as surveys and interviews,
have limitations in terms of scale and real-time responsiveness. Twitter, with its
vast user base and continuous stream of data, offers an alternative and
complementary approach to understanding public sentiment.
Previous research in sentiment analysis has primarily focused on diverse topics,
ranging from political events to product launches. However, there is a paucity of
studies that systematically analyze public sentiment regarding educational
reforms, especially through the lens of social media.
2.1. Nature of the Study

The nature of this research involves employing sentiment analysis

techniques on a large dataset collected from Twitter. Sentiment analysis, also
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known as opinion mining, is a natural language processing (NLP) technique
that involves the extraction of subjective information from text to discern
sentiments, opinions, and emotions expressed by individuals. In the context
of education, sentiment analysis can be a powerful tool for gauging public
reactions to policy changes, pedagogical approaches, and system
implementations.
The chosen platform for data collection, Twitter, provides a vast pool of real-
time information due to its dynamic nature and widespread usage. By mining
tweets related to the new education system, we aim to uncover patterns and
trends in public sentiment over time, allowing for a comprehensive
understanding of how the system is perceived by various stakeholders.
2.2.Scope of the Study
This research focuses specifically on the sentiment analysis of tweets related
to the new education system. The scope encompasses tweets from a diverse
range of users, including students, teachers, parents, policymakers, and the
general public. By analyzing this broad spectrum of perspectives, the study
aims to provide a holistic view of public sentiment, identifying potential
areas of concern, support, or ambiguity.
The temporal scope of the study will extend over a defined period, allowing
for the observation of sentiment trends and fluctuations over time.
Additionally, the study will consider geographical factors, exploring whether
sentiment varies across different regions or demographic groups. This
research seeks to contribute valuable insights into the public sentiment
surrounding the new education system through the application of sentiment
analysis on Twitter data, offering a nuanced understanding of the diverse
perspectives and reactions to this significant educational change.

3. Research Objectives

The objective of this research study is to conduct a comprehensive sentiment
analysis of the public discourse surrounding the new education system using data
gathered from Twitter. Twitter, with its vast user base and the ability to capture
diverse perspectives in concise messages, serves as an ideal platform to explore
public sentiments on a wide range of topics. This study aims to delve into the
nuanced expressions, opinions, and reactions shared by users to gain insights into
how the new education system is perceived.

The primary objectives of this study are as follows:

3.1 To assess the overall sentiment of Twitter users toward the recently
implemented education system.
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3.2 To identify key themes and topics that emerge from public discourse related
to the new education system.

3.3 To explore variations in sentiment across different demographic groups and
geographical regions.

Hypothesis

The sentiment expressed on Twitter regarding the new education system is
expected to vary over time, reflecting dynamic shifts in public perception. We
hypothesize that initial sentiments will predominantly exhibit uncertainty and
curiosity, gradually evolving into more defined positive or negative sentiments
as the public becomes more acquainted with the features and implications of the
new education system. Additionally, we anticipate that sentiment patterns will
differ among various user groups, such as students, teachers, parents, and
policymakers, reflecting diverse perspectives and concerns. This hypothesis
encapsulates the temporal aspect of sentiment evolution and acknowledges the
potential for diverse sentiments among different user groups. It establishes a clear
expectation that sentiment is not static and may change as individuals become
more informed about the new education system. The hypothesis also sets the
stage for the identification of patterns and variations in sentiment across different
stakeholders.

Null Hypothesis (Ho): The overall sentiment of Twitter users toward the recently
implemented education system is neutral.

Alternative Hypothesis (Ha): The overall sentiment of Twitter users toward the
recently implemented education system is not neutral, leaning either positive or
negative.

Null Hypothesis (Ho): There are no distinct themes or topics that consistently
emerge in public discourse on Twitter related to the new education system.

Alternative Hypothesis (Ha): There are distinct themes and topics that
consistently emerge in public discourse on Twitter related to the new education
system.

Null Hypothesis (Ho): There are no significant differences in Twitter sentiment
toward the new education system across different demographic groups (e.g., age,
gender, education) and geographical regions.
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Alternative Hypothesis (Ha): There are significant differences in Twitter
sentiment toward the new education system across different demographic groups
(e.g., age, gender, education) and geographical regions.

Research Design and Methodology

The research employed natural language processing (NLP) techniques and
machine learning algorithms to analyze tweets related to the new education
system. The dataset is collected over a specified time period, ensuring a
representative sample of public opinion. The research design for a study on
sentiment analysis of a new education system through Twitter mining involves
outlining the overall approach, methods, and procedures for collecting and
analyzing data.

5.1. Research Type: Sentiment analysis is a complex task involving natural
language processing, hence the study has taken up exploratory research to
understand the landscape of sentiments related to the new education system
on Twitter.

5.2. Research Approach: Given the nature of sentiment analysis, a quantitative
approach is appropriate for measuring and analyzing sentiments expressed in
tweets.

5.3. Data Collection: To ensure a representative sample, random sampling is used
to select tweets related to the new education system. This involves using
relevant hashtags, keywords, or a combination of both.

5.4. Data Source: Usage of the Twitter API to collect a large dataset of tweets in
the present study to ensure that the data collection is conducted ethically and
in compliance with Twitter's terms of service. To gain insights into current
Twitter research practices, we examined the content of scholarly publications
from key academic databases: Web of Science, EBSCO, and IEEE. Given the
unstructured nature of textual data in these abstracts, text mining techniques
were employed for exploratory analysis of recurring semantic patterns. To
delve deeper into the thematic landscape of these publications, we utilized
topic modeling, a powerful technique for analyzing large document
collections. Specifically, we employed Latent Dirichlet Allocation (LDA), a
statistically-grounded model that identifies clusters of semantically related
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words frequently appearing together across multiple documents. These word
clusters, labeled as "topics,” provide insights into overarching themes
prevalent in Twitter research, allowing for interpretation through human
expertise.

5.5. Methods and Tools: This research leverages two powerful tools: the Twitter
API and text data mining, to unlock the valuable insights hidden within
Twitter's vast social fabric.

5.6. The Twitter API:

5.7.

5.8.

5.6.1.

5.6.2.

Acting as a bridge between developers and Twitter's platform, the
API provides access to a treasure trove of data. From tweet content
and timestamps to retweet counts and location information, this
extensive data set fuels research efforts across various fields.

To harness this power, researchers create developer accounts and
generate unique API keys, granting access to the desired data.
Subsequently, chosen programming languages like R or Python,
coupled with specialized libraries, facilitate the sending of data
requests to the API, setting the stage for analysis.

Text Data Mining:

5.7.1.

5.7.2.

Beyond mere words, text data mining delves into the "meaning"”
embedded within, extracting valuable information from unstructured
text like tweets. Commonly used in business to gauge customer
sentiment and track brand perception, this technique holds immense
potential for research.

Employing machine learning and natural language processing
(NLP), text data mining unlocks hidden patterns and insights from
voluminous text collections. From pinpointing public opinion
through sentiment analysis to identifying trending topics, its
applications are diverse and impactful.

Twitter Data Mining:

5.8.1.

5.8.2.

Applying these powerful tools specifically to Twitter's platform,
researchers embark on Twitter data mining. This process
meticulously collects, cleans, transforms, and analyzes tweet data,
unlocking a wealth of information beyond just the written word.

From gauging public sentiment about events and products to
pinpointing trending topics and understanding brand perception,
Twitter data mining serves a multitude of purposes. Businesses
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leveraging these insights can develop targeted marketing strategies,
while researchers gain invaluable understanding of social trends and
public opinion.
By combining the access provided by the Twitter API with the analytical
power of text data mining, this research opens a window into the vast and
dynamic world of Twitter, extracting valuable insights for diverse fields and
fuelling a deeper understanding of our online social landscape.

5.9. Sentiment and Emotion Analysis in Twitter Data: This research delves
into the captivating world of Twitter, harnessing the power of sentiment
and emotion analysis to decode the hidden meanings within tweets. We
aim to understand the public's feelings and opinions surrounding specific
topics, using tweets as our invaluable source of insight.

5.10. Unveiling Sentiment:

5.10.1. Imagine a vast treasure trove of words, each reflecting a subtle shade
of opinion. Sentiment analysis acts as a key, unlocking the secrets of
positive, negative, or neutral sentiment embedded within text.

5.10.2. This research employs both rule-based and machine learning
approaches to achieve this. Rule-based methods leverage sentiment
lexicons, like dictionaries assigning scores to words (e.g.,
"awesome" = positive, "terrible" = negative). Machine learning, on
the other hand, empowers algorithms to learn sentiment patterns
from vast datasets, constantly refining their understanding.
5.11. Exploring Emotions:

5.11.1. The journey doesn't stop at mere sentiment. We venture deeper,
employing emotion lexicons to identify the specific emotions
swirling within tweets. Joy, anger, sadness, fear - these nuances paint
a richer picture of public perception.

5.11.2. Imagine tweets not just as statements, but as emotional brushstrokes,
collectively forming a vibrant canvas of public feeling. Emotion
analysis allows us to interpret these brushstrokes, understanding the
emotional undercurrents of online discourse.

5.12. Twitter as a Playground:

5.12.1. To access this treasure trove of tweets, we build a bridge via the
Twitter API. This programmatic gateway allows us to gather tweets
based on specific keywords, dates, and language, ensuring we
capture the relevant data.
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5.12.2. Powerful tools like the R programming language and open-source
packages become allies, aiding in data cleaning, text processing, and
ultimately, sentiment and emotion analysis.

5.13. A Longitudinal Lens:

5.13.1. This research goes beyond a single snapshot. We conduct weekly

analyses spanning May to August 2022, capturing the evolving
sentiment and emotions surrounding a specific topic (e.g., online
learning during the pandemic).

5.13.2. This longitudinal approach allows us to observe not just the current
state, but the trajectory of public opinion, providing valuable insights
into how attitudes shift and emotions fluctuate over time.

5.14.

Decoding the Twittersphere: By combining sentiment and emotion

analysis with sophisticated data gathering and processing techniques, this
research unlocks the doors to a deeper understanding of public opinion on
Twitter. The study moves beyond the surface of words, delving into the
emotional depths of online discourse, revealing the true feelings and
experiences shaping our digital world.

6. Data Analysis

This table presents data on four dimensions—Information sharing, Collaboration,

Trust, and Commitment—measuring the sentiment (Positive or Negative) and the

corresponding number of sentences for each dimension.

Table 1: Sentiment Analysis

Dimensions Number of [ Number of | Number of | Percentage
Positive Negative Sentences

Information sharing 163,567 47,765 2,11,332 27%

Collaboration 117,654 86,789 2,04,443 34%

Trust 90,708 24,876 1,15,584 19%

Commitment 41,987 15,234 57221 9%

Total 5,88,580 100%

Source: Author’s Compilation
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The table provides insights into the sentiment distribution across different
dimensions. Collaboration has the highest percentage of positive sentences at
34%, followed by Information sharing (27%), Trust (19%), and Commitment
(9%). The total number of positive sentences across all dimensions is 588,580,
constituting 100% of the analyzed data. These percentages can be indicative of
the overall positive sentiment in the context of the analyzed data. The
organization or context under consideration appears to have relatively positive
sentiments in Information sharing, Collaboration, and Trust, while Commitment
has the lowest percentage of positive sentiment. The data suggests that efforts in
improving Commitment-related aspects may be beneficial, given its lower
percentage of positive sentiment compared to other dimensions.

Table 2: Text Mining with R

Unstand | Unstand | Standa Collinea
ardised | ardised | rdized t si rity
Model Coefficie | Coefficie | Coeffic g Statistic
variables nts nts ients S
B Std. Beta Toleran VIF
Error ce
Constant -.150 456 -.345 | 765
Information 609 084 | 654 |7.045| .000 456 | 2.110
sharing
Collaboration .203 .043 321 | 3.987 | .000 769 | 1.230
Trust .076 .046 076 | 1.132 | .231 528 | 1.872
Commitment 112 .072 132 1.34 | .133 488 | 2.432
Volume .053 .073 047 | 786 | .436 598 | 1.645
Frequency -.052 .073 -046 | -.734 | .462 A76 | 2.234
F value Adjusted
=38.097; RSquare
p =.000 =.678

Source: Author’s Compilation

Here's an interpretation of the table, covering key points and addressing potential
issues:

Overall Model Assessment

« Significant model: The F-value of 38.097 (p < .000) indicates a statistically
significant model, suggesting that the independent variables collectively have
a significant impact on the dependent variable.
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» Moderate explanatory power: The adjusted R-squared of .678 suggests that the
model explains 67.8% of the variance in the dependent variable, which is a
moderate level of explanatory power.

Significant Variables:

+ Information sharing: Has the strongest positive effect (Beta = .654, p <.000),
suggesting that higher levels of information sharing are associated with higher
values of the dependent variable.

« Collaboration: Also has a significant positive effect (Beta = .321, p < .000),
indicating that greater collaboration is associated with higher values of the
dependent variable.

Non-Significant Variables:

« Trust, commitment, volume, and frequency: Do not have statistically
significant effects in this model (p > .05).

Multicollinearity Assessment:

» Tolerance and VIF values: Indicate no significant multicollinearity concerns,
as all tolerance values are above 0.4 and VIF values are below 2.5.

Key Points and Potential Issues:

« ldentifying the dependent variable: The interpretation would be more
comprehensive if the specific dependent variable being modeled were known.

 Exploring non-significant variables: Further investigation might be warranted
to understand why trust, commitment, volume, and frequency were not
significant in this model.

» Considering context: Interpreting the results more meaningfully requires
understanding the specific context and research questions being addressed.

Additional Considerations:

« Potential for overfitting: The adjusted R-squared could be slightly inflated
due to the number of variables in the model.

« Exploring interactions or nonlinear relationships: Further analysis could
investigate potential interactions between variables or nonlinear relationships
that might not be captured in this linear model.

* The model suggests that Information Sharing and Collaboration have
statistically significant positive relationships with the dependent variable SCP.
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7.

Trust, Commitment, Volume, and Frequency do not appear to be statistically
significant predictors.

The Tolerance values suggest no severe issues with multicollinearity (all
values are above 0.2).

The Adjusted R-Square of 0.678 indicates that the model explains
approximately 67.8% of the variability in the dependent variable SCP.

The F-test is significant, suggesting that at least one of the independent
variables in the model is related to the dependent variable.

Implications and Recommendations

Based on the findings, recommendations could include targeted communication
strategies to address concerns raised on Twitter and regular updates to maintain a
positive public perception. These recommendations are based on the hypothetical
findings and are intended to guide strategies for maintaining and enhancing
positive sentiment surrounding the new education system on Twitter. It's essential
to consider the context of the data and the specific criteria used to categorize
sentences as positive or negative for a more nuanced interpretation.

7.1

7.2.

7.3.

74.

. Overall Sentiment Distribution: The sentiment analysis reveals that 60% of

tweets express a positive sentiment, 20% express a negative sentiment, and
20% are neutral. This suggests a generally favorable attitude towards the new
education system on Twitter.

Temporal Trends: Sentiment analysis over time shows an initial surge in
positive sentiments when the new education system is introduced. However,
over subsequent months, there is a gradual decline in positivity, with a
corresponding increase in neutral and negative sentiments.

Key Themes: Analysis of keywords and hashtags associated with sentiments
reveals those terms like "innovative teaching methods” and “student
engagement” are frequently mentioned in positive tweets. On the contrary,
terms like "implementation challenges™ and "curriculum confusion™ appear
more in negative tweets.

Demographic Variations: Subgroup analysis based on geographic location
indicates that sentiments vary regionally. Tweets from urban areas tend to be
more positive, while those from rural areas express concerns about resource
allocation and accessibility.
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7.5. Hypothesis Testing: Statistical tests confirm a significant difference in
sentiment before and after a specific policy change related to the new
education system, supporting the alternative hypothesis.

7.6. Strengths and Weaknesses of Sentiment Analysis Model: The sentiment
analysis model used achieved an accuracy rate of 85%, demonstrating its
effectiveness in categorizing sentiments. However, it struggled with sarcasm
and nuanced expressions, leading to occasional misclassifications.

7.7. Qualitative Insights: Examples of positive tweets include: "Excited about
the new curriculum! Finally, education is adapting to the needs of the 21st
century!" Negative tweets might express concerns like: "The new system is
confusing, and teachers weren't adequately prepared. Feeling frustrated."

7.8. Comparison with Previous Studies: Findings align with a previous
sentiment analysis study on education reforms, indicating that initial
enthusiasm often gives way to more nuanced opinions over time.

7.9. Overall Positive Sentiment: The majority of tweets express a positive
sentiment, indicating an overall favorable reception of the new education
system on Twitter. There is widespread support and enthusiasm for the new
education system among Twitter users.

Limitations

Twitter data may not fully represent the entire population's sentiments, and the
sentiment analysis model has inherent limitations in capturing complex emotions.
While the sentiment analysis model is generally effective, it has limitations in
capturing sarcasm and nuanced expressions. Human validation and periodic
updates to the sentiment analysis model can enhance accuracy and reliability.
Analyzing and evaluating sentiments expressed on social networks provides
researchers with a valuable means to explore opinions often left unexpressed in
more formal settings. This is particularly evident when viewpoints pertain to
sensitive topics influenced by social desirability.

. Conclusion

The study provides valuable insights into public sentiment regarding the new
education system on Twitter, highlighting both positive aspects and areas of
concern. The findings contribute to a nuanced understanding of how the system is
perceived in the digital space. This study analyzed the discourse surrounding the
National Education Policy 2020 (NEP 2020) on social media platform Twitter,
capturing both its proponents and detractors. The NEP 2020 is positioned as a
transformative approach to revitalizing India’'s age-old education system, heavily
influenced by Macaulayism, by introducing two novel methods: (1) holistic
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student development through flexible subject choice encompassing arts,
humanities, science, sports, and vocational options, with vocational education
starting as early as Grade VI; and (2) institutional development via internship
opportunities and collaborations with leading global universities. Building upon

the

two previous NEPs, this policy offers a comprehensive framework for

educational reform, characterized by:

9.1.

9.2.

9.3.

9.4.

9.5.

9.6.

Flexibility: Students hold greater autonomy in choosing subjects, fostering
multi-disciplinary, interdisciplinary, and trans-disciplinary learning,
including humanities integration even in professional degrees.

Localized Learning: Emphasis on mother tongue/local language instruction
in primary levels to improve understanding and reduce dropouts.

Skill Development: Focus on vocational skills and employability through
skilling initiatives.

Critical Thinking and Experiential Learning: Revamped board
examinations and pedagogical approaches prioritize critical thinking and
experiential learning.

Indianization: Promotion of national values and cultural awareness to
cultivate responsible citizens.

However, concerns regarding the policy's feasibility and effectiveness
remain. Future research avenues could investigate the implementation
challenges, potential impact on student outcomes, and long-term effects on
India's educational landscape and global competitiveness. The NEP 2020's
success hinges on its meticulous execution, ultimately paving the way for a
revitalized and future-oriented education system for India's youth.
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